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Interaction design/usage strategy

Users upload a personal image and get an initial
caption from a BLIP model. They mask regions with a
brush tool; each mask triggers a new caption,
producing multiple variants for the same image.
Variants are dragged onto a zoomable affinity canvas
as instax” cards, where users place them side by side,
cluster them, and add sticky-note annotations to build
interpretations over time

The tool requires deliberate user intervention
(masking specific regions) before generating new
outputs. Captions only change in response to
explicit perturbations, preventing passive
acceptance of results and structuring active
probing of model behavior

Masking feels like a way of “talking back” to the
model through a shared language. Instead of
accepting the first caption, I can intervene and see
what changes when I remove a region. The pace is
slower than typical Al use, but it pushes me to
linger and probe rather than move on.

Target domain(s

Human-Centered Al Al Fairness

Intermediary task outcomes

After several iterations, the user has a set of
masked image variants and their corresponding
BLIP captions. These image~caption pairs
accumulate on the affinity canvas as instax cards
to show how removing a specific region shifts the
description. Sticky notes capture immediate
observations and questions, and rough clusters
begin to form around recurring patterns (e.g., who
is recognized, what is ignored, which cues trigger
gendered labels).

By generating multiple caption variants tied to
specific masking actions and preserving them on
the canvas, the system creates a traceable record
of behavioral shifts. This supports systematic
comparison across variations and makes patterns
of recognition and omission inspectable.

As variants accumulate, I start to feel patterns
emerging. Some caption shifts are surprising;
others are irritating. The canvas makes the
process feel tangible because I can see the trace of
what tried, what I noticed, and how my
interpretations changed.

Cognitive 'target(s)": Critical reflection, Sensemaking, Narrative

Final task outcomes

After repeated masking and comparison, the user
constructs a documented narrative explaining how
the model distributes attention and recognition.
The affinity canvas contains clustered
image-caption variants and annotations that
make visible patterns of misrecognition, omission,
or bias, and their interpretation. The final outcome
is a situated account of the model's behavior
grounded in user's situated knowledge.

The accumulated artifacts and annotations
produce a documented, revisitable account of how
the model distributes attention and recognition.
Instead of isolated incidents, user develops a
structured explanation grounded in observable
variation.

Atthe end, 1 had a situated account of what the
model tends to notice, ignore, or misrecognize. At
the same time, working with personal images can
be emotionally heavy, because the frictions are
tied to relationships and identity rather than
abstract examples.

What you would like to discuss What would you like to take away from the workshop?

1. Twould like to discuss how friction can be more precisely Tool for Thought across different Al systems and generalized
to other generative systems, including LLMs and multimodal models. T am interested in identifying transferable interaction principles that
make model behavior inspectable and narratively interpretable.

2. and to discuss how first-person methods can be more fully integrated into TfT frameworks: how subjective experience can be treated as
epistemically valuable in designing human-Al interaction,
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How do people’s goals 'interact with'
the Al tool's goals? Is there a tension?

goal
Develop a deeper understanding of how the model
distributes attention, recognition, and meaning.

The tool slows down interaction and requires active
probing (masking, comparison, annotation) instead of
providing a definitive answer o correction.

There is a potential tension for users who want fast
validation, correction, or a “better caption. The tool does
not optimize outputs or fix the model; instead, it makes
friction visible and asks the user to stay with it. This can
feel effortful, especially when working with personal or
identity-related images, but it supports reflective
sensemaking rather than efficiency.

v

How do you expect people to continue
using this Al tool

Continued use depends on whether users find value in
the reflective process. The tool is unlikely to be used
daily as a productivity aid. Instead, it may be revisited
when a particular image or mismatch feels puzzling,
uncomfortable, or worth investigating.

To sustain engagement, the tool could support ongoing
archives, allowing users to build longitudinal collections
of cases, revisit past clusters, and compare paterns
across time rather than treating each interaction as
isolated,

How to proceed with this work/idea?

Extend the tool beyond single-user autoethnographic
use by exploring collaborative, collective and
longitudinal versions of the affinity canvas, where
multiple situated perspectives can be layered and built
upon. Investigate how friction based interaction
(masking, controlled perturbations, variant tracing) can
be adapted to other generative systems such as LLMs or
multimodal models.



